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Abstract: Inventory management is an important issue in shop management. In existing research, there are

studies on forecasting using consumer behavior and POS data. In addition, many companies have developed

demand forecasting systems, but not all products can be forecasted with high accuracy. Therefore, our research

aims to classify in advance the products which are suitable for demand forecasting and those which are not. In

this study, we focus on the time series variation pattern of product characteristics. We examine the relationship

between the qualitative characteristics of products (routinely sold/not routinely sold, in season/not in season,

high price/low price) and the product categories we propose.

Keywords: point of sale (POS) data, demand forecasting, hierarchical clustering
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